www.theieie.org

Mi362]

SAISti= M|

202641 Qg 1Tu@) ~ 182@)
20N OHLIAAI TE / FAIA




10

11

12

(K]

xtfo| 2

SRS
QIBXIS MO SHaY Y

T

DY YL 1% HHO Al - 7I40M Al 7|&2 TS0 283

it SAPY (SKEZZ Al CIC, Core2HE B3)
Signal from Noise: Al AILH0| CtA| 2= DSP

X0} 14 (HEUeHD 7 - 32 39)

_J

s e LA
REZY

Robot Foundation Models Beyond Robot Data
ZIERZ HEAL (NAVER Al Lab)

Video Generation and World Models
U5E W4 (KAIST AlCHSH)

ood LT

3XHR AL Hia S8 Y : 7| XEE ADLE otF S87IHX|
UYE W4 (Ao M| MX 58 H)

QAMTIATR}

Toward Articulation-Aware 3D Facial Animation
215t

=



14

()

16

17

18

19

22
23
24
27
30
33
K74
35

AL R

Toward Human-like Conversation: Giving Voice and
Face to Al

AN 04 (FYTHotd HHILA)

Closing the loop of Alignment in Generative. Al
Y W4 (Dot AFEO})

Multimodal Alignment for Video Understanding
AT w4 (=02 M| HRFg o)

Towards Efficient Al Agents: Scaling Down Costs from
Model to Agent Level
LY w4 (DSt D M| MK ZE)

=

Beyond Euclidean Vision: Solving Computer Vision
Problems with Hyperbolic Geometry

RIS 14 (SRR HEEAHeR)

QI7t0| 210{2: 3D o= FY X Al TIvt

ASX 5oL

02 =l
o)}
rin
i3
M
i

In
<2

o
re
=]
4>
~
=
= 0
19
=

41
ng
H H

K
I>
m
e

H BH H N

-
I> 40 4n

K
L
ng
—

K
1>
m
ng

HopAl=



SEERRN v
=0el =

22 Y BB Loulola Al 714e] FAT WHoR
QI8), B HolElS AL E BAST A AT AEH e
71%9] g0l Az HEEES Wolgath ABAS wd
A A N5AY ) EES FneBe] B8 H5S H714
o= Bojgn, g3 A% e Heithele WAL A
Y

23] stetal oleist 7144 Eoke wdste] 71279, 4141
AT 274 49, TAT HA V1% FFS A5 BAskE FEY
9 5 9% 1wt X2 IR |gstash & staralo)
AL ABAS 714 94 S0 A A5Ae ol2RE, o
ot g3 9l o} Hojo] A% 38 AT o2/ Eye
FA0] =5e AT o} AR 2 b A
ANE AA $4EEAS AT ALY

B SETEt 47 B AT 23 Suot U B
S QB W ABH Y Hobol sHea A4t Sy As
A1419) Ao] H71% AhULh At 7149 A Wl 4
£ =0l 5o, Seiue A3AL W AxAe AT AAL
P B ok 4 QRS AT olelie] obagls e
g Pesgy

fijo
I\ of
ol

rO
[e]
fr

i

£ b 30
~

20264 9¢¥



(M=)

(

oF
X0
~O

d

tO1H)

3

=

2 (0]

|

2
(=]

247 ()

er=elt)

=
o

M

0l

ITH)
2H)

00
Kio
iof
__An_
oo

(
(

r

(A=)

0= (L)

(B=M)
F(a2eA0H)

ZRE (22T

o

Klo

El

B

k

<0

0l

3

z

RO
K4

(MH)

ol
—_

fur

=N
%0
0l
20
100



U -

36,/ 01mx|s A5 x| BHaiE] &

o~

0

98 17L(S) stAHIO0] 2L / HAIA

Azt | g I
10:30~ goix g
AF{ gt
110 | TRHERT (24ch)
EAS
11:30~ | — 2 2AREE(SKT) g5 W
12:10 4 H= 2 ’HSLFE 1% LM Al: 7[0iM (1=th)
Al 7l&g DHEL 285k= WY
12:10~ X Al
13:30
13:30~1 5y =2 Had i
JHSIAl I M7=
13:50 H3lA 2 H7|153 (ma)
7|12ZA 2 (B2 A4
13:50~ | - =29 w2 (M20)
14:20 ZAH H=: Signal from Noise: Al ACHO| CHA|
HE= DSP HIO| W
Q4 MTIGITALA SAXt UE (2rote)
14:20~ | - 28T W= (FYUT)
14:50 AA HSZ: Toward Articulation—Aware 3D
Facial Animation
14:50~
15:00 Coffee Break
EEZ|H1
15:00~ | - ZIE{ZA kA (NAVER Al Lab) PACS S e
15:45 49 XM= Robot Foundation Models (MZTH)
Beyond Robot Data
SEZY 2
16:45~ | - AEE W= (KAIST) TEs wa
16:30 49 XM= Video Generation and World nr=in))
Models
16:30~ OpRl @
AH dto
17:00 | EEHER2 (1r24cH)




2RI

| 215X

ol

(o]
(5]
=

SEERRN

- 92 18U (D) sHIAHIO] 2L / HAIA

Azt

R B 4+ = N I R B I
AT | AT Mg el AT | AT | AT
K@ | &I RO ol o iF 00 | rf 00 | opl Al
| X 0 mnm R0 H R KO | or Ko | <o
0 K o = R " N R0

= =) K

m o0 .. R

G} ® Ko 0 0

<+ £ <+ 50 00

7! 8 7 7 oo

0 5 i <E W

%0 o ol = 5

=~ =~ ~ 0
AT AR 721 & :

0 R o <
3 m%a Mmﬂﬂ R o

NI NRE R dig K )
I R S < < g2 W e B
s FRENE! FRENE! o &0 . H o
Kot rF ol ) 3 ke R & ol &

Bl R X B B0 {0 T ofl &) o
m__n Ru N KA Ru Na a0 _.___._._.__u DN m_ﬂ ML m_._.m

<41 <41 | N
NO ~0 ~0 ~0 ~0 ~5 ~5 ~5 ~0
Ke] 82 8= | 8¢ |29 ® < cew | B8Y |8
Q2| 9= || =¥ |a@ ® 3 s¥|se|be




9¢ 17¢ (5), 11:30-12:10
SILIAHIO Y

A S u (L)
DY geir 1% M2 Al :
TI0IN Al 7I&2 BHET 2gsts
e

2RO & ZUOIME Al RUS| FHEE £/ ATE Hol, 7I20| 7|&S A
M| MHIAZ REST KISEHOR 2ok 0N Chol ChEC
S-S0 Al 7[20] &7 B0 48 MHIAZ XS IK| B

}-E" | -l EEII )\lAE‘" al lelA )\171' J_l' % fIHEEl»

D} RBSISIE BHR0] S8 MHIAL Y W

r

roh

oh
H‘d
0x ruE
lﬂ
|-u
_|'.‘_
j

¢7Horq
fip Z2 Uit MH|AOA S80I 8™ Al 7|&0]
—.:OEI"KI AT,

OH AIAP}A‘I 0|)\I A %

o

Y om ofr
o fo
o

rx
m
>
)
(@]
>
—rz

.H_'l FO Mo g
_I

=

ro

Z 7+°| oi*elaal Y2 HmEC,

fEJHI7| =M 0lal S L 2TARRI

HU o
=
o T
—L|
..|
_>.:
@)
O
_33

PéOHM” T HETH ofLet 01|£| Al X[OIA|ZE 22 H|2

= ES Ho th3a 22 Q47 FQsi.

O F2 Al 0TS HHZ ANBEIS T1aTt MHIAR MEsp|
7|49| et BhAl D 2H|SHE RS HMESHIA} SICt

JU e ol oA ror pf 1§ gf 2 oo
10

40 ol = ox bt IR I> k2 2w in o
1 ox

:Oé
ne
o
_O‘y

GAte2d  EDUCATION
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Engineering
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1999.01.~%4M: ASTHalw M7 | HHSoe 1
2026.01.~244: @200/ RADHET
2002.03.~2023.06.: GHIEE| R 7IEAE
1994.04.~1998.12.: MSA|ZU Sty MAPH7 |28k R4

PROFESSIONAL ACTIVITIES

2011.09.~2013.08.: AMSHStW 2ICHSE ALK AR/ HALHSRE

2016.01.~2016.12.: CHEIHXIE 3] NS H2|AAO|E| 3| E

2021.01.~2025.12.: APSIPA Board of Governors

2023.01.~2023.12.: St=%4&0|C|01S5t3| 3%
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~ | Robot Foundation Models
\ & Beyond Robot Data

ZIEHZA ©tAr (NAVER Al Lab)

HAGLE20F LLM Post-training, Robotics, Interpretability

2k Robot foundation models generalize across diverse manipu—
lation tasks, yet their progress remains bound by robot demon-
strations that are expensive to collect and difficult to scale.
Data beyond the robot itself, such as human and web-scale
videos, offers a promising alternative source of embodied
knowledge. This talk covers the basics of robot foundation
models and reviews representative approaches that incorporate
such data at different stages, including representation learning,
demonstration conditioning, and test-time adaptation. We then
discuss recent efforts on leveraging these sources for robots.

GAtek2d  EDUCATION
-2016.03.~2022.02.: Integrated M.S. and Ph.D. in Electrical
Engineering from KAIST, Daejeon, South
Korea.
* Advisor: Changick Kim
* Doctoral Dissertation: “Domain adaptation and semi-su—
pervised learning approaches to the data scarcity problem in
computer vision”
* Transferred from Mathematical Sciences in Sep. 2017

-2011.02.~2016.02.: B.S. degree in Electrical Engineering from
KAIST, Daejeon, South Korea.

WORK EXPERIENCE

- 2022.03.~Present: Research Scientist, NAVER Al Lab
- 2021.09.~2022.03.: Research Intern at Qualcomm

- 2019.06.~2019.09.: Research Intern at KAKAO
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Video Generation and World
Models

UEE 24 (KAIST Alchate)

ATE0F BRE HIHE, ASKs
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Toward Articulation—Aware 3D
Facial Animation

AAQOF  Speech-driven 3D facial animation aims to generate realistic
and speech-synchronized facial motion directly from audio.
Despite recent advances, accurately reproducing how humans
physically articulate speech remains challenging, particularly for
subtle 3D movements of the lips and jaw. In this talk, | will
present our recent research toward articulation—aware facial
animation, covering the analysis and modeling of visible articu—
latory movements, phonetic context and co-articulation, speak—
er— specific speaking styles, and structured facial deformation. |
will also introduce our recent approach that explicitly models
directional articulatory motions grounded in human speech
production. These studies explore a progression from direct
audio—to—motion mapping toward more realistic and physically
grounded 3D facial animation.

¢iAtel2  EDUCATION
2019.02.: 312Tf57 |29 M7 | UMD
2014.02.: QIBICHEIT FAFZ Sl AAL
2012.02.: OI5iC5tm MALZSHT} StAL

PROFESSIONAL ACTIVITIES
2025~2026: RIS t] S0t
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Toward Human-like Conversation:
Giving Voice and Face to Al

X2 24 EYsin HHENs)

AFLE0F SIX2, ERE ASKIS, Hakd ASKs

AHQ0F At 10 ZH(LLM)Y SH2 -7 (A1 MRE2 A5S 757
St Q172 40l SLHQI WS TPMSACE. 22{L S| LLM2

2l

BIAE 7|ute] AS0| Z3HE/0f O, T 0je| UWILIR'AES
1 O1Ae] ool ZXISICE QI7t0] STXOI ASWAO| H2u Aj2t
20| 7| EBITH= A0 S50, 2 YHOIAE QRICIR ASS 9t
s 24 71201 24 o AT WY 7188 ANt

-2026: St |Ed 7| I TXIS S SAt
- 2022: 102{thsku

- 2019: Zsltfstu
WORK EXPERIENCE

- 2026~ : Zul=s, SUUSiW FHBASHA

- 2022~2023: ¢, SRS XL/42dot

PROFESSIONAL ACTIVITIES

- Reviewer: Interspeech/ICASSP/CVPR/ICML/AAAI/NeurlPS
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Closing the loop of Alignment in
Generative Al

70}

>

M3 ol
This talk frames recent progress in generative Al as a shift from
learning powerful priors to closing an alignment loop around
them. By formulating alignment mathematically, we show how
post-training via reinforcement learning and inference—time
guidance can be understood within a unified framework. We
identify three core components that enable alignment and ar-
gue that closing the loop often requires improving the weakest
component: the design of rewards, verifiers, or evaluation
criteria. We illustrate this perspective through results in video
generation and understanding, as well as applications to inverse
problems and medical imaging. The talk concludes by showing
how the same alignment-loop perspective naturally extends to
agents and by discussing future directions for building more
capable and reliable generative systems.

EDUCATION

- 2021.03.~2025.02.: Ph.D. Dept. of Bio & Brain Engineering,
KAIST.

-2019.03.~2021.02.: M.S. Dept. of Bio & Brain Engineering,
KAIST.

-2015.03.~2019.02.: B.S. Dept. of Biomedical Engineering,
Korea University.

WORK EXPERIENCE
- 2026.09.: Assisstant Professor, Dept. of CSE,
Korea University. — Current
- 2025.08.~Current: Chief Research Officer, EverEx.
- 2025.03.~2026.07.: Lead Al Research Scientist, EverEx.
-2023.11.~2024.01.: Research Intern, NVIDIA Research.
-2023.07.~2023.10.: Research Intern, Google Research.
- 2022.06.~2022.08.: Research Intern, Los Alamos National Lab.
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Multimodal Alignment for Video
Understanding

ATE0F ZEIZE QUIEAIS

ZHQF This talk explores various multimodal alignment techniques for
Video Understanding. First we explore Dense Video Captioning,
where we go from input videos to output natural language cap-
tions to understand how video models understand and process
videos. Then we explore multi-moment Video Temporal
Grounding to understand how video models can take a given
input video and text query to capture moments in the video.

SAtek2d  EDUCATION
-2019.08.~2023.08.: Ph.D. School of Electrical Engineering,
KAIST.
-2014.08.~2018.05.: B.S. School of Electrical and Computer
Engineering, Georgia Institute of
Technology.

WORK EXPERIENCE
-2023.09.~2024.02.: Postdoc, KAIST.
- 2024.03.~2026.02.: Assistant Professor, Dept of Artificial
Intelligence and Data Science,
Sejong University.
- 2026.03.~present: Assistant Professor, School of Electronics
and Electrical Engineering, Konkuk
University.
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Towards Efficient Al Agents:
Scaling Down Costs from Model
to Agent Level

HLE0fF Efficient Machine Learning

ZHQ9F While Al agents have achieved remarkable autonomy, their de—
ployment remains bottlenecked by prohibitive computational
overhead and token costs across the entire execution pipeline.
In this talk, | present a holistic, three-layer efficiency frame—
work designed to scale down these operational costs without
sacrificing performance. At the Model Level, we mitigate visual
processing overhead via 7raining-Free Token Pruning Vvia
Zeroth-Order Gradient Estimation, which removes token re—
dundancy in VLMs without costly retraining. At the Reasoning
Level, we address the compute burden of extended multi-step
inference through VisRef, a dynamic visual refocusing strategy
that optimizes test-time scaling in multimodal reasoning models.
Finally, at the Agent/Harness Level, we present SkillRet, a
large—scale benchmark that enables precise skill retrieval and ef-
ficient context injection to streamline tool selection over vast
action spaces. Together, these contributions outline a compre-
hensive roadmap toward lightweight, scalable, and cost-effec—
tive Al agent systems.

SIAteF2l  EDUCATION
- 2024: Ph.D. in Electrical Engineering, Yale University.
- 2020: M.S. in Electrical Engineering, KAIST.
- 2018: B.S. in Electrical Engineering, Sogang University.

WORK EXPERIENCE
- 2026~Present: Assistant Professor, School of Electrical
Engineering, Korea University.
- 2025~2026: Applied Scientist, Amazon AWS Al Labs.
- 2024~2025: Machine Learning Research Scientist,
Meta Reality Labs.

PROFESSIONAL ACTIVITIES

Served as a Program Committee member and Reviewer for
major Al/CV conferences including CVPR, ICCV, ECCV, NeurlPS,
ICML, and ICLR, as well as leading IEEE journals such as
TPAMI, TNNLS, TAI, and TCSVT. Recipient of the Best Paper
Award at the ACM/IEEE International Symposium on Low
Power Electronics and Design (ISLPED) in 2022 for research on
"Examining the Robustness of Spiking Neural Networks on
Non-ideal Memristive Crossbars.
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Beyond Euclidean Vision: Solving
Computer Vision Problems with
Hyperbolic Geometry

Qe Deep learning models typically represent visual information in
Euclidean space, but complex visual relationships may benefit
from alternative geometric structures. In this talk, | will
introduce our work on hyperbolic geometry for spatial
propagation and depth completion, and discuss how this
perspective has expanded to universal depth perception across
diverse sensors and recent medical Al research on cross-
cohort generalization. Through these studies, | will highlight
how understanding the underlying mathematical and structural
properties of a problem can lead to more effective Al solutions.

HAlef2d EDUCATION
2025: sl |=d ¢l
2020: MZtHetw 48t 0]
WORK EXPERIENCE
2025~TI: Al SO HTHALTHEA
2022~2023: YE ALY, 7HH|7|LE 2R Z5 AL
PROFESSIONAL ACTIVITIES
NeurlPS, ICLR Area Chair
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EDUCATION

2015.03.01.~2022.02.25.: st F7|MXtZat0t BiAb
2011.03.01.~2015.02.25.: T12HThstn 7| =X
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2022.03.01.~2024.12.31.: D2Atisin YEELT7|EH T4 A



ote.
6
®







olo

. 1

KO 5
- 20 T nE
s =l Ko
= s - ] <r
g <k ) & 2
<k < a 3 ¥
i 5z o s _

7 =<
KH - g 3
oF B o BBl b %
ﬂo p____._ ._|_.A|I Q_o mu ol = ..n.uuL
3 ﬂ|._ oo |[TF W .__w._. o
70 K N oo 2| I Ey
g = 5 H_t om | Ho oc | or A
9 b~ = > = . _n__n HO
m ol al =2 | R RN =
s o |2 gs|n 2 5 0
= ¥ g $ZR oz m o
u_ I H OHm O
= 8 N ooh|f g o E 0E &
o S @z | 3P T S5
= T HEln TRIE alw 5
fo & TER LW B =
- N &y [ Q=< I N

ol o) S | - A

au 2 Mo |%x @ W g MW, o
© W A__.._.u.E B KO <l o Hl o %
- ROH TN I
nTY - - o | ~O m | oo or

= ™D
3 S

22



2RI

| 215X

ol

O
o]
=

92 18% (3), StLtAHI 2T

14:15-14:55

01 Ck& Q29| AtYX A|M OJSHE QIS Gaze Interplay Graph

PAZHYO MAH EEY

o
[

2|
0

X0

k

04 Embodied QAS Ao =Y QAUX|H AHAF HIHE|

h

541

FOIRI TS HALHT IS

3

of - ZHIA(O]

ot

23



B8O e N
8 N B o %0
< = T or =0 Bl ki
=< = hr il U3
K- g R o ) i —— ir
il — 1o n il
K n [=] K = e
ﬂ b o n__.__ Ho ) .U._ ol
S b 7 2 2 | Sz il
T <k Pl Bl 3r = Fo oK ar ar
M__ E] oF oF ol oK Z0 M.ﬂ.u_ o e
KH oj ol —_ K T =3 F
o il %0 IF o=
wr = = e o ol =
THr mz___ g = 5 Sler oo | = Mm Wo 7 oo
e FoEm KT oK R IR oW W
|l il 0 = 3 — | @ o+ Jo H
o © o ] e S | ml Tfu < oF
ol 2| H 0O K
M~ Jjo od ot pL <F olr or =
— |_./| ._n__-__w =0 [ m. %w 20 <0 _l_n {0 mw ML
R 2 I % B W oo =@
opl 2r H B (R ol = NooBEg F
> © LN - - L - wRlE m
.- i - = =
H 8 5 o WA oy X S Ee T
=] = o g QW oz H O WS IT g
ol 7 5 RS R0 oo oz oW o =2 E G
- S Lo4n® o R A | ¥ ooz 2 Yim oor
) @ = L T ) BooF o TS e
< = SHlq MM2lg g 03 s o|¢ 20
[=1] So|g KF|ZF ol WK|g milx @& X
O uWld THKInm =im oorEINm <Kl K Id
‘ y = N [a2] <t [Te) O
o o o o o o

skinning weights

F mesh EH crack 24

[

=2

=

£ 0|83 3t HAKQ| ojn| P 24
o

|
FAHO

o
¥l
[

08 S AX[0| Z5= vertices 2t MZ L}

07 DA O &

24



i[H ar mj FEE=] 5l
ol K ) L~ =< iy
= = - > B 2 oF 8.
< = =l — 0o e = Q2 ~ w.w.
E .._Alo ._.7..0 ..ML Aw_ m._ ._.lu—_l > (=) LO
o Kk = ° E,- Lo ™ 5
oy K Rl g o B2 Ik #
1o] = < Hin = o s C] =
= 2 = A |3 g % Z = =
io [ 2 CoE : g |2z | 3 =
= &l 20 & 0 3 = <M gH ol o
Ho o - @ o _Ll_ o a ol ol oo ol
= o RO ) W= oo m S
= = 8 < & w |E o g B & & g o |F = o
e S & Kk (& @ |Bow g o % Mm@ il <
bse) = el T ol = n =) ol = L or I Ho il =
= = o J— d iy ~ ™ 0 o T 5 T o Tk o 00 2
Rr <l o < T o= A = e = 05 RO HE —, |« 5
AT E E o= E— o 3 oE = &0 = ® s
= T~ [T LN ] ™ N =< o Sy N | o ®
s |2 om |BE < |® o |F X @ Wz X = S
o B o @ oo @ g @ =gpE o og (AR o |AF@ T HE 9
o ol o ol o ol o ol mroL | el T | el 80 i ol - =n | dor o e
= = il = N = = 0 | <0 = m = K = <0 (]
=z = = =25 = Ho® )] = m ol =8 - Ef s
LH ) ~ 30 m 0 © 30 - @l |80 = | 5o RO ar o <l = | & 80 <)
e K o K D ke %0 ke BLoco &K ke B foim i 2
o T2 F o R B F T ol o= F|ge D FE O E e <)
if ; T or2E T8 W T = 53
A o2 N R = = o .2 %08 ol Kl o | @r 2 5%
QN SN o= N Bl NooEl a8 Qe = go|T o g N o < I
gri|=, <o <0 — H o =2 ool T Sl % ooy, E T
AR = | oL K R o | = | Xr S EIKTE i ol <k KH S o
X R0 = 00| K 0|0 0020z KOS5 S Sl pr  ROHU | ZE & T | &0 o @ po
WPl =8O K Kol OOl Eadlwmn Gl <liIs BN~ = U
o~ o ~— N (3] 5 Lo O ~
o — — - — - — — —

25




51
~
c !
— X0
3 K %0 _
3 = 5 S
> =) &r o = N
2 - ] ol L Bl
s o wo| X g5 2
5l il 5 & Al z iy
oF r i) y B ) of E| ) Bl
xr - Lo 1o 5l 2 1o g
it 2 g~ = + e__ ~ | o ~N Z0 o a1
LH B onl# g & ol ORI S-E ar ol K
5 B oBE X ® o |z i Xy 21 o 2P
= |gd wlg XU = T | gE o o & = 5 %
e .“_m_.__u ol ol | g0 Bl m_._u = EOﬁ olo q_w_ﬁ m_..._vﬁ | HE o)) — Lo Hl = or
s BT owg 0 o oa i L Hiwm = & 2|8 e 2
a8 ~ 0 >Ry ® « Mo 20 1 HO H © Mo B 7 o H =
O FE = c ol I S ol = do 37w = |
LR 3 ooE 8 go alE @ B oo W =
= £% L|E BE & = =E Dk g BORE A C B
=z m N3 S K5 2 = o s & = & =’ o [=3
_ @ ok sl 8 0 K T | o 7 ! ol ul
o |Ep z|d ne &, % & BB 18 8 2 o=k - B
x B S0 <lo — | & (o Il ) mo N|A.\ = S <I =y 3 0 “_u_lL = o~ T N z0
B | oY F ~ | o ol 0 o3 ol o ol R © 0 = = SRR <
g[8 2 g R0 wm % =T Zlm O = 2 5N 4l
o= 3 o * KO K = 1 il X 5|2 . ® ~
U R &) o o 5l < &g N R o B ™ o £ & Pl o o
== Fa SR BT ok < o P SR 0 ROoIT 0 SlY F ™ G mw
o B o Y ool B Qw| IM RIS g» gv o
1 =a o oEhH SHheI B 4 |B Slg = qu KO
N < ~ 22 a5 S8 @0 & A < Ir
N © < Sl HEE £F
N O
N N~
N

L

2 - olxf

7=
oo

26



o~

K|362| AISAIS e Xz|et=tye]

TAE LH 2:938 17Y (5), SHHAH0] HAA

YEAIZE

16:30-17:20 O AR W 4~(02{h)

01

02

03

04

05

06

07

08

ExoGNN: PM2.5 0|52 i3t 71 01 7|4t A|ZZt 12T

NEY

NE@FIIIY AS

UERRFI IS AISKL, YRS HRAIRED s
U118 57 B 7|4t HSIA 292 S0t RAW-to-sRGB 2
utat0} - OJE(Srhatm ZRE - AlSt)

2BI(S ANt ZEJO|CiorZ st

[

T3 7|t HIZ{Z O[AISHS QHal A|AE!
o

B|Hf - YE7|(Bt=uSsiy HAESEE)

MGDA: Motion-Gated Dynamic Adaptation for
PPG-Based Heart Rate Estimation
QPHY - XM= HRESER)

PULSE-MoE: Sparse Mixture-of-Experts for
PPG-Based Heart Rate Estimation
H4E - XMAZHED HEEHSSHT)

HETL Y DY UL A D Y2 IS WIS
0|45 - g2t M7 |HAIZEH)

ICL7[ SE71H 018 ©X| 238+

598 - 4HR(0|XI}3)

27



O 5 BT B B

YA BXIE A A2

10 =2 AE

12 HetE AJOF &Z0fiM 0] 7|t OJ0|2H 0]

13 ML CHOIQE FHE 718t p-bit Y22

-—

gl

i OfO| 22/ Lt A AR)

St
of

- oletxh(m Y

87l

2z
(=]

6]

I

0

15 AFH 7|29 A= Hotof M2 Hel'd 7% VA-LCos ZEX| BE

Qo B0 0fx]

=1l
KO

Rr
LHo

-—

i1
il

o

b

ot

16 BARD-SC-GS: 8|4 H|0| LEE €8?

ol

r

X
)

l
f

=13
St
At&5st

[
l

t
x

=]
o
0217} FHRB S, Birhetm

St
of

i 0217t MRS

{3
st

tof
t

Tujn
oF
KIr

n

s
orl

28



ol Jlo = ~
o 0 7 4r -
<Hu o Tor i oo 2 N "
ol ol N 0 P | —
i o mxm = *__M__m ar W_m m IS N ¥ m.“
o ! R = B =2 Ho =
o N mE o<|Eou ne 2 x |R 2 ar 25
i S w9k g of o R S mo B
i =z gz &5 2 £k T R O2 H o |g G
= =) go K - e = &r o S = 2 -
& 5 EH o x I JIRINTF Ko |2 ~ & R P
o %o ol > )l - A ki0 = ) = Br a2 )
= g0 L= S il ALy o 2 g B ]
& S e o d Tla b R = ol _W Pl <l O
S R o L H =® s @ g Iz op 2 =
o T B R S - S - T = 5 R0
= Wl o | < B QR oF g = 0o B K
._M_. of et ogu | & o | B oo = |E o o | 5 4 ey i
0 mlo % K il oS = = | r I = = L) ET = O_D
ﬂ_ﬂ =K & ._.mu Mo 1 @ %.u 5 Aﬂ <" © _m__.__u Tju (I
Riml BlITy Bl RS0 D = a9 2 - =
2B 28 2% L2E 552 £ % s 7 g
Ho 2L 2w W ORFO ¥ SR |, 8 o o Mo =
< zx = L O e K wur o =
M W = KH o & — iRl = m =0 m = A Ao o
o oy N = | & Om ‘S o’ o= M = oxr m.m oF =0 il m._
~ B = b0 50 3% O8Oy st Bfle ©/x H
@ rur_uo T H|z0 oz __qu O — ___mlo ﬁ 2 = & o 00|z =0
Q0 ZolN g o . X © oUW A %0
e @a 2V uw% o s|® =T/ 580 M m.uaWo% L
= ~x ©|zm 1 zr L & @l =1 . >
220d wp %Y &:5F £8l% £3|8 Sdg T
w ~ | K o T | ol = | fa i = S 5 n o Md 2K m__w .MI
= & N PN Q = o -
N ~N N 9 9

29

r

27 O|O|X|



30
<
=
=3
=
<
-
10
i
3l
(e 0]
il
o
(9p]
s
ofl
o
<|

B

14:55-15:45

01 Whisper wXt OfElid S EQ| JLZH JEX|X|7|E

o

1
Kk

7| MR FE S )

37|49

u|

03 MadaMS: Ct=0f AF8XL 2| 719

|
<[n
or
on

<l
ok

B Y |HAIEREISE )

!

04 FMCNN 7Jt 38 % QTR 4= H|OE{0fl CHRt

05 Grounded &= H'H-210{ BE MAIRA-29| HE X

Hedge §1

£ Iot Learnable Query 7|t

06 %Z H|ILQ IupmA EHX|

d

A

ol

7|mg

Zstap

EQ|mat

t

0

ES

M HVSR

BEAO |

ES
=

A

HE D

2t MIEFC|O]E] 7

R X2S

07 X

30



=X

ol %0 Y — K 3

= % i = ol RO
< = ol A =
ol K ot K H Kq o3
o ia Hr or o r+ = T
= | mu _u__.L —_ ._A_o " <0
K g d bl | 80
Ly b o 2 51 i = K|
iio [ & = o & RO 7T B0 | Bt
|__|O alo = RO O =0 olo =
= —_ e s ol = P wr m._ o0
mo © = M) = xr < ol ._M Ko %
o NI = g ¥ |z wi e o | g
2 IR B (@ 2 @ g o @ T w
fso) N < O = 7ol ._.J-_u ™ < L_u_ul_ ol or .mud ]
= IRl ml T (% o | = 2 T 00|
e oo g 2 <l o B W E | o A 2 = 3
ol = =) E:) MK s 2 o 80 "
==z S |g= O oo = @ ol 0| g
Sl on|g = @l o ol e e O & of | O
o ®2d K Bo&m 3z IF|5 TEm oad
H misE = o g = R ey | B
ol by TE al M s O & o258 TuwE <=

- - o c 25 - =
wige EIF® S |k = & £= 2 WE g IH
s Kl x g ) ¥» © =% g &r|E
ATl TH T = W wo | X T G|E ™R R|T
R m RS Nooms KM= 3| PR @ o8
Mla D lmm w TEla 2lw @23 e °F@
T K Mz Az K H E © Gl = K|x g
AN BRIk T RIIRO R RS I wlinNm W Os0 ol

% w o — N [9p] A

1

3

k

o]
=]

3

)

IS5

X

R

K
il

q

St
=]

uE

=

{oIRICHSt L QBRSBTS
5t

{1 RtCH

3
3

X|H(0]
HI2(0]

Y
2t
=]

=13

15 SCTNet XA SRUIM wA 2 #29

17 HIOR 0|



S N
! 1
o = _
= T g 2 ) 2
Lo =3 I IH Ju Bl ic
s HI !
! o Tos o orl H R o
[=]] m.a_ by Mm i olo aa B ED T
T i or 7| | i Hr 10 e Q
™ o W Bl = @l = 0 o
s <F W5 = KEIE R Klo = N @
= 2 n 2 ar = I —~ B KO 5T 3
~ al — - — . o0 ©
B0 = mo = Sz |E w_m = of | HE = m_w_ﬁ W WM KF =
AL SRE nE g o8 p g = I oF
F 2w m_m £ Mw il % of|E o A ol Y ol
= 2 o <l =) _._A._ x0 ol B Bl W20 o= N Ko = <)
] < n Al & <™ = | w0 = =~ g o Ko | =
~ 8o Fi [nS wn od | H — @ m g =l Bl m_._ ﬁ S | & .m
= ol AT 22w 2lE g oo o M T ~H T
3 ] pal ©c od | = ol = = = 0 = 0 — ©
K Rl oF | & om|=d il = | < ©
i L T 35 | F Wig 2 [ R = =
S+ ...uw < ol = __._m__ o | @ KO 0 = T o 5113 9 LIS
cHE 5 & T RI= Mﬁ_m == 2 B <+& Flm olR S
= 30 N ol .2 z ol o o 2 B ol > Q
moM% i £l mm_._wo oo [ Eyr_ z & & d8 alE =g 8
o =% HlE e Al R T S|m mE F= 3
i s (o] . -
B meas 2 T Do Kip doolm F mlg wF 2
Hl oo w0 S 3 20|40 = = b o g
=& | w2 Eom|o (= 7 & o i 2008 ol 2 o
an o M._ = 5 X0 = - md | ¥ P ol K4 =) | R K ol gl .. Hl
= K0 <Ll HF | = Q2 2ol zr w | < Ol = ol 0| < | % a
= aIoE o Mm@ TSR - o ol @ 0| s Cd = Klo
o M e ®N = o 0 O oL Nlg Bz > g 1 N8
) o Tlo <Kllag = o K |x =i a0 | B 4 n
= > o SHIY RIE Y o = ol
N = ~ - ofl | K 0 | W 5=
N ~ < o
N N N ~
o~ ~

RS2 REIACITIHIE])

28 240|Ct-Ftm|a}

32



K|362| AISAIS e Xz|et=tye]

AMSE | 300,000 | 330,000# | 180,000 | 210,000

HYSE | 330,000¥ | 360,000& | 210,000¥ | 240,000¥

© APES

Ju

HE j2) U S2H| 2K THS SH01AI7] BRI

o FITARIE 2I15HAL EHAS AEAL OF2f AZEEZ 0[F510] A1
HRRILICE
OlHl & YTHE U AMMLHS 93t HRMAKISES)E
E-HYU2 S55101 ZA17| HRILICH

LFAZHRIZ XIS LS| AAO|OE])
%%@10%)%4375&(% = (A\DCHEHERIES!S))

of

A
B+

ol

WAL L= QLY

=2 : Eﬂg._ ASete| AR= 7|5 25
.- 02-553-0255 (L{X4)
E—mail. . biz@theieie.org

m— ERLE | HAPIM | AN
s =7ts 8
i=EA 7= 2
IEZH| (2101 53) oIzLE =71 =2
. i s H3|
AR BT | 27k o 7le g8
(O|m| Y wrt)

© AR R2ARI0IA AFSH FAI7| BIZILICH FISZTA| ALt wge
27h5 LI

© HRABMN, HE U B7IEOUS CHSRIRBEHE] BAF SEA0IEOIA
2391 5 L2122 4 0D, A7IE0lE BN 0] B8 4
Lict,

33



AF R EZAELH QY

Y UES :
WHARF 2102/ WO 2% (WE, WISY B3)
TES 9 YO HE 135 0N FH|E,

=]

ST UHE RO &
UHEAIZ} SEMMK| A H2f
KR 1H2 HEA| TAE QHOf|A ZZ0)| THHGHOF &t
=RUE 32 0|0 ZAH 2AHE M
=
ZAEH MM ZHIQH
(2 E(Panel))
E=EE |
H o=
S| Xt
2 = « Panel 37]: 100cm(ZI=)X
A4 A4 A4 A4 1 800m(k||§)
il | el | el | Mt * MIE, XA A% 50cm(ZH2)X
° ° ° ° 20cm(M2)
- 2X37|(7Hs 8 3 2E %)
A4 A4 A4 A4
e un un wn « HI= 2 XX} 256~30mm
we ug ue ue
o ZH X9l H|I=: 15~20mm
cHHH LY : 7~10mm
A4 A4 A4 A4
Els:4 Els:4 Flz: Fz: 4
we ue ue ue
100cm
e 7tzst 2ys A
=2 &2 A4 12% = B4 10010[ 7L}, MX[1HQ 2 ZH].
X g AT EX =2HS = D2 730 FOE HS 2 A ] 2E0AM 225
X =2HS Qo= 2010] XY PHE0IA IZo| FAtHOF &

34



X|362| AISAIS 2R e

HoreA= 2

k|

St §|

LA 2T/ TAIE

=

(MZEA| 427 1ot 145 Iy

S{moteImA)

'S e———ruay 1W
£ o
pe 3lopuie] e (=] e °
324 sy 4B q L
olg As B Gun ~
o &
» - |01 %]
o s ﬂ Hoisrn
P s M=o
ki3 ~ 5y
(=]
g HanAg
dz2 choiLfelast
- PELANO w51
noFe® @ 2 % sugwd
(r]
- 3
ojaHSR 55"10\!.;%?
® , W27 o i
aIERuERY B
HEHE o oii2
\ (] w%'im HEXIA
sfLied p i pr 5 &
FHACAR a7isgza b3 E °
@ HaganL 2, = e
”z 2
una 2 Sk sumson
S42A040 O
N

- R[aH
- AHBHBHBE) ~ BHABSHOZ 2B) —~ 1Y
- 2|23 A
-6101H(HZZE
- 61028 (120, S WHIY)

- 2i2E B
- 6101H(+2IE0) — D2irfe], S2AZRHRE

=N
-202 A2

L
- 258 48
-M29(18H) — s2%(63 Mo

=N
-302 22
« Kot
-302 22
- BAY(134) — SEESH) — oot

+ 454 g YR DFSHA EY
+ 15 HESH0N OFSHASY
-EHE 111
- SHE2sT 1448
- Hgde 10179
— D|OFARA2] 1 1018
- AMEE 173", 72119
Sl|3t, 517|9 : 2739
- AU, 2P 11111
el 11222
- 8FA(SUEFH) : 2222

35



ote.
6
®




